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Awmbeganur Word2Vec Ne'URO
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> Kaxgomy cnosy cTaButcs B cooTBetcTene sektop: Word 0= 2 Vec.

> BekTopbl, COOTBETCTBYIOWME CIOBAM, NOABMPAOTCA Tak, YTODbLI CloBaM, UMeWUM bamns-
KW CMbICA, COOTBETCTBOBAAN 6N3KNE BEKTOPSI.

> [lokasaTenem 6aM30CTH CMbICNa cHMTaeTCst ynoTpebiieHne B CXOXKUX KOHTeKCTax. KoHTekeT
C/I0Ba MOHUMAETCS TPUBMAJIbHBIM 0DPa30OM — Kak HECKOJIbKO C/I0B, OKPYXXaroLmx BblibpaH-
Hoe (Hanpumep, 5 NpefLIECTBYIOWNX CNOB 1N 5 NocneayroLwmx).

> [loabop BEKTOPOB OCYLLECTBASIETCS METOAAMU MALUMHHOIO 0DyYeHUst Ha OCHOBE Kopnyca
TEKCTOB.



R

International Conference on Data Mining Workshops (ICDMW), 2017, pp. 657-666. DOT:
10.1109/ICDMW.2017.93

Ambeaaunnr IP2Vec B 3apga4ax nHdopmaumnoHHoii besonacHocTu

M. Ring et al., “Ip2vec: Learning similarities between ip addresses”, in 2017 IEEE
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https://doi.org/10.1109/ICDMW.2017.93

dmbeaavHrn B buotexHonornsax NZ‘URO

K. K. Yang et al., “Learned protein embeddings for machine learning”, Bioinformatics
(Oxford, England), pp. 2642-2648, 2018. poI: 10.1093/bioinformatics/btyl78

NexopHeii koa: https://github.com/fhalab/embeddings_reproduction/

Machine-learning models trained on protein sequences and their measured functions can infer
biological properties of unseen sequences without requiring an understanding of the
underlying physical or biological mechanisms. Such models enable the prediction and
discovery of sequences with optimal properties. Machine-learning models generally require that
their inputs be vectors, and the conversion from a protein sequence to a vector
representation affects the model’s ability to learn. We propose to learn embedded
representations of protein sequences that take advantage of the vast quantity of unmeasured
protein sequence data available. These embeddings are low-dimensional and can greatly simplify
downstream modeling.


https://doi.org/10.1093/bioinformatics/bty178
https://github.com/fhalab/embeddings_reproduction/

MawunHHoe oby4eHune B 3aga4ax pa3pabOTKN NeKapPCTBEHHbIX CPeACcTB Ne'U:RO
FuzzY

C. Réda, E. Kaufmann, and A. Delahaye-Duriez, “Machine learning applications in drug
development”, Computational and Structural Biotechnology Journal, vol. 18, pp. 241-252,
2020. DOI: 10.1016/j.csbj.2019.12.006

124 ccbinku.

Highlights:
> Applications of sequential learning and recommender systems to pharmaceutics.
» Review of Machine Learning methods in drug discovery, testing and repurposing.

> Survey of available genomic data and feature selection methods for drug development.


https://doi.org/10.1016/j.csbj.2019.12.006

NejURO

MawunHHoe oby4eHune B chusuke

G. E. Karniadakis et al., “Physics-informed machine learning”, Nature Reviews PhysicEUZZy
vol. 3, pp. 422-440, 2021

Oby4yeHue anropnTMoB pelueHns obpaTHbIX 3a8ay B bU3MKe, B T. Y. 3a[a4 aHaIn3a JaHHbIX
dursmnyeckoro skcnepumeHTa.

Z. Ren et al., “Physics-guided characterization and optimization of solar cells using surrogate
machine learning model”, in 2019 IEEE 46th Photovoltaic Specialists Conference
(PVSC), 2019, pp. 3054-3058. por: 10.1109/PVSC40753.2019.8980715

Characterization, material parameter extraction and subsequent optimization of solar cell devices
is a highly time-consuming and complex procedure. In this work, we propose a method for
quick extraction of limiting material parameters in solar cell devices using a surrogate,
physics-embedded, neural network model. This surrogate model, implemented by an autoencoder
architecture trained with a physical numerical model, allows to quickly extract the device
parameters of interest at a certain process condition


https://doi.org/10.1109/PVSC40753.2019.8980715

«Cnabbii» n «cunbHbii> A NejURO

A

Fuzzy
MpoekT nacnopTa HOBOW Hay4HON cneunanbHOCTN «VICKYCCTBEHHbBIN NHTEANEKT U MALLMHHOE

obyueHuey:
https://drive.google.com/drive/folders/1xqoWINSPHH48_IA2IwluuWt3qkMQc5EQ:

Nccnegoeanusa B obnactu «cunbHoro MWy, Bkntovas dbopmmpoBaHne noHsSTMIAHOI 6asbl n
3/EMEHTOB MaTEMaTNYECKOro hopMann3ma, HeobxogMMbIX ANt NOCTPOEHNSI arOPUTMUNYECKOTO
annapaTa.

Artificial general intelligence (AGI) is the hypothetical ability of an intelligent agent to
understand or learn any intellectual task that a human being can. It is a primary goal of some
artificial intelligence research and a common topic in science fiction and futures studies. AGI can
also be referred to as strong Al, full Al, or general intelligent action.


https://drive.google.com/drive/folders/1xqoWINSPHH48_IA2Iw1uuWt3qkMQc5E0

NuTtepnpetupyemsiii N (XAl) NQ‘URO

UzzY

EXplainable Artificial Intelligence (XAl) is a set of processes and methods that allows hunEan
users to comprehend and trust the results and output created by machine learning algorithms.
Explainable Al is used to describe an Al model, its expected impact and potential biases. It helps
characterize model accuracy, fairness, transparency and outcomes in Al-powered decision
making. Explainable Al is crucial for an organization in building trust and confidence when
putting Al models into production. Al explainability also helps an organization adopt a
responsible approach to Al development.

OpaHo n3 HanpasneHuii paseutus XAl — cosmelyermne (B HEKOTOPOM CMbICNE) « KNACCUYECKUX >

meTogos U ¢ nnoxo nHTepnpetupyembiMn coBpemMeHHbIMU (B T. 4. HEliPOCETEBLIMN).

Knaccuyeckue HeiipoceTeBble
NHTepnpeTupyemocTb KauecTeo



Tect NI e

Mpu npoxoxaeHun Tecta ykaxkute e-mail v hamununio, nms, 0THeCTBO, KOTOpPLIE BbI FUzzy
yKasanu npu perncrpauuu Ha Kypc. 1o sTum ganHbiM ByayT CyMMUpOBaTLCS pe3ynbTaThbl BCEX
BaLUMX TeCTOB B cemecTpe. [locne oTBeTa Ha TeCT BaM Ha MOYTY JO/DKHO NMPUATM MUCbMO C
BalIMMK OTBETaMMU.

https://docs.google.com/forms/d/e/1FAIpQLSAFBQfNwxVk5-2NBKQiMv4ild_
by40iR1E51Gm_btN1Hr9fSQ/viewform

https://neurofuzzy.phys.msu.ru/redmine/projects/ai_in_natural_science/news



https://docs.google.com/forms/d/e/1FAIpQLSdFBQfNwxVk5-2NBKQiMv4ild_by40iRlE51Gm_btNlHr9fSQ/viewform
https://docs.google.com/forms/d/e/1FAIpQLSdFBQfNwxVk5-2NBKQiMv4ild_by40iRlE51Gm_btNlHr9fSQ/viewform
https://neurofuzzy.phys.msu.ru/redmine/projects/ai_in_natural_science/news

